
 

Volume 34, No. 1 [2026] RLR ISSN: 1351-170X 

RESTITUTION LAW REVIEW 
https://restitutionlawreview.co.uk    MARENEX PRESS 

80 

The Effect of Data-Driven Marketing Decisions on Customer 
Acquisition and Retention Performance: An Empirical Study 
 
Dr. Chinmaya Kulshrestha1 & Dr. Avinash Kapoor2 
1Associate Professor, MDI Gurgaon 
2Professor MDI Gurgaon 
Email: 1chinmayak@mdi.ac.in; 2avinashkapoor@mdi.ac.in  
 
Abstract 
The empirical research reported in this paper is on how data-driven decision-making 
influences the organizational performance concerning gaining and retaining 
customers. The study utilized primary data taken from 400 faces of marketing 
specialists, meaning the use of descriptive data for investigations in different 
industries. Adoption of practices about the use of accurate accounting models, 
predictive modeling, and online decision-making affects the four-item constructs of the 
study model. Statistical measurements of Data-Driven Marketing Practices (DDMP), 
Customer Acquisition Performance (CAP), Customer Retention Performance (CRP), 
and Organizational Analytics Capability (OAC) were made through a structured 
questionnaire. The validity of concepts is demonstrated by high-Cronbach's alpha 
coefficients (α > 0.85) securing the precision of measurement. As a strong linear 
relationship exists between all selected items, the resultant correlation coefficients are 
all Cent-Pearson's r = 0.678 and point to insignificant results. Both customer 
acquisition performance and customer retention performance are positively correlated 
at r = 0.742 (p < 0.001). The goodness of fit shown by data-driven marketing practices 
shows that they can be stable predictors of both dependent variables. Results from 
multiple regression demonstrate that DDMP explains 55.1% of the total variance in 
customer acquisition performance and 46.0% in customer retention performance. They 
all support the four hypotheses that organizations embracing data analytics win in 
things such as maintaining high-quality customer acquisition efficiency, lowering 
expenses in attracting the customer, increase the lifetime value of a customer, and 
keep the user coming back. It contributes to the development of scientific material 
concerning the capability of marketing analytics and casts an empirical vote for the 
strategic edge of a data-driven approach in contemporary marketing practice. 
Keywords: Data-driven marketing, customer acquisition, customer retention, 
marketing analytics, predictive analytics, customer lifetime value, empirical study 
 
1. Introduction 
1.1 Background and Context 
An exceptional transformation in the contemporary marketing environment can be 
witnessed manifested by the domination of digital solutions and the boon of the 
availability of big data along with the finest analytics capabilities. Surprisingly, 
before, organizations were just generators of customer data through different 
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touchpoints, for example, websites, mobile applications, social media platforms, 
customer relationship management, and point-of-sales transactions [1]. In order to 
fully take advantage of this opportunity, it is for this reason that data has become both 
a panacea and a bane for all modern marketing professionals aiming to optimize 
customer acquisition and perhaps retaining strategies. 
In this way, data-driven marketing marks the advent of evidence-based strategic 
planning in place of the old and rather dull and unperceivable intuitive decision-
making. It is more about learning from industry customs and assumptions and even, 
to a great extent, demographic sterotyping in order to venture on interviews. It has 
been argued that, instead of purely depending upon managerial experience, the new 
age data-driven approach makes use of quantitative analysis of customer behavior, 
preference, and response in designing campaigns, selecting channels, budgeting, and 
optimizing performance [2]. This is based on the principle that which reveals to us a 
rather systematic analysis in terms of data-driven marketing, as contrasted with the 
precisely opposite traditional approach. 
We get recent industrial feedback, and the reports show guidelines that data-driven 
marketing has significant improvement in performance if employed by any 
organization. Research reveals that out of 400 successful marketers studied, using 
datadriven strategies can provide as much as five times return on investment [3]. Also, 
certain organizations have surpassed that mark [4]. Moreover, data-driven marketing 
practices among businesses are found to increase engagement metrics up to 20% and 
then see conversions go up by as much as 50%. Overall, marketing improvement by 
about 15-25% seems achievable [4]. 
Despite the growing significance of data-driven marketing in improving marketing 
communications, companies are varying a lot in trying to it's adoption rates and level 
of implementation. Few firms already developed sophisticated capabilities when it 
comes to analytics as they have a dedicated data science team, integrated technology 
platforms, as well as an organizational culture or climate that encourages a data-
driven approach towards decision-making. Silos are still happening, with a shortage 
of analytical talent and some legacy systems with barriers to change. The problem this 
raises is whether data-driven marketing can create value that will last under a variety 
of conditions which offer the best performance potentials. 
 
1.2 Research Problem 
Though increasingly adopted by managers, there is a clear absence of research 
evidence to prove that using marketing analytics linkageswith successful marketing. 
So the literature mostly consists of descriptive case studies, theoretical models, and 
technology implementation discussions and lacks the capacity for empirical evaluation 
based on demonstrated statistical standards. Consequently, the ongoing challenges 
that must be addressed in the scope of this study include identifying and isolating all 
performance benefits accruing from data-driven practices in both acquisition and 
retention processes while at the same time determining which parts of data-driven 
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marketing are the most significant: those that deliver the highest increases in 
performance. The significance of this gap lies in the strategy This is justified if data-
driven marketing is proved to advance acquisition and retention performance by a 
significant degree. Against such a yardstick, considerable investments in analytics 
infrastructure, talent development, and process changes are warranted; quite 
contrarily, current resource allocations toward marketing analytics are questionable. 
 
1.3 Research Objectives 
This study aims to empirically investigate the effect of data-driven marketing 
decisions on customer acquisition and retention performance through quantitative 
analysis of primary data collected from marketing professionals. The specific 
objectives are: 

1. To measure the extent of data-driven marketing practices adoption across 
organizations of varying sizes and industries. 

2. To assess the relationship between data-driven marketing practices and 
customer acquisition performance, including metrics such as acquisition 
efficiency, customer acquisition cost (CAC), and conversion rates. 

3. To examine the relationship between data-driven marketing practices and 
customer retention performance, including retention rates, customer lifetime 
value (CLV), and repeat purchase behavior. 

4. To evaluate the mediating role of organizational analytics capability in the 
relationship between data-driven marketing practices and performance 
outcomes. 

5. To identify specific data-driven marketing practices that demonstrate the 
strongest associations with superior performance. 

6. To provide empirical evidence supporting or refuting the business case for data-
driven marketing investments. 
 

2. Literature Review and Theoretical Framework 
2.1 Data-Driven Marketing: Conceptual Foundations 
Data-driven marketing uses market and customer data analysis which comes from 
internal systems and external sources to create marketing strategies and operational 
methods. The system collects data from various sources which include websites and 
social media platforms and email systems and retail operations and external data 
repositories to create complete customer profiles that allow for detailed customer 
analysis. The analytical methods use descriptive and diagnostic and predictive and 
prescriptive methods to create segmentation and churn prediction and lifetime value 
modeling and attribution analysis and campaign optimization capabilities. The 
insights generated through these techniques guide evidence-based decisions related to 
targeting, personalization, channel allocation, budgeting, and timing, replacing purely 
intuition-driven approaches. The organization uses continuous performance 
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monitoring which includes experimentation and A/B testing and feedback loops to 
achieve iterative optimization and maintain accountability for its operations. 
 
2.2 Customer Acquisition Performance 
To serve customers well in drawing in more and newer customers and converting them 
the most to turn profit, measure the success of customer acquisition with measures of 
Customer Acquisition Cost (CAC), conversion rates and acquisition efficiency using 
LTV:CAC ratio, and the time taken to close deals. The most recent industry 
benchmarks prove that the cost of acquiring a single customer has increased 
tremendously in recent times remarkably across the industries leading to a compelling 
need amongst organizations to invest in upgrading and renewing their acquisition 
methods. Thus, data-driven marketing brings better results in the acquisition phase, 
generate better accuracy in audience targeting through a message personalization and 
identification of valuable prospects in media distribution by bringing all these down to 
specialized association of media attribution model that can influence immediate 
changes in active campaigns. Above steps lead to increase in acquisition through better 
results delivered by analytics-based processes wherein the wastage gets minimized 
and there is a higher drive to get better succinct funnel results and eventually bring 
in much higher levels of efficiency in operations. 
 
2.3 Customer Retention Performance 
But what every marketing operation farmer should always try to do is understand and 
address the fact that customers give repeat business only when their needs, concerns 
and priorities are addressed for a long time. The primary metrics by which retention 
performance is analyzed are retention rate and churn rate, mainly viewed through 
customer lifetime value (CLV) and repeat purchase rate [15][16]. Retaining existing 
customers is highly beneficial and therefore is costlier than attracting new customers. 
Retention's backing comes from data-driven marketing attributing churn prediction 
models as well personalized engagement initiatives and journey analytics along with 
behavioral analyses of loyalty drivers and empirically optimized loyalty programs. It 
stands in their contact and engagements with their clients and gives them means to 
build relationships through value that result in superior rewards, be it relationship 
building or financial rewards [17][18]. 
 
2.4 Organizational Analytics Capability 
The Organizational Analytics Capability (OAC) enables companies to gather and 
handle data while using it to make strategic decisions. The system consists of technical 
infrastructure to support data platforms and integration systems and it includes 
analytical human capital and data quality governance and organizational culture and 
process maturity. OAC serves as a strategic resource to organizations because it 
enables them to derive value from their data investments according to both resource-
based and sociotechnical frameworks. The study proposes that data-driven marketing 
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practices will impact marketing performance through their direct effects and through 
their relationship with data-driven marketing practices [19]. 
 
2.5 Previous Empirical Research and Research Gap 
The number of studies which investigate the connection between data-driven 
marketing and business results remains small. Analytics adoption leads to major 
advancements in marketing return on investment and customer engagement metrics 
according to industry-based research [20]. Media optimization studies show that data-
driven allocation decisions lead to better efficiency results [21]. Retention analytics 
case studies show that organizations can achieve better customer lifetime value and 
lower customer churn rates through their implementation [22]. The majority of these 
studies depend on secondary benchmarks and descriptive analysis and qualitative 
evidence. 
The research shows that companies need to establish better data-driven marketing 
practices which researchers should study through large-scale quantitative research 
methods because they need to examine how data-driven marketing practices and 
analytics capabilities affect customer acquisition and retention results. The research 
study uses primary data collection and validated multi-item scales and reliability and 
validity assessment and statistical modeling to examine direct performance effects and 
capability-enabled performance effects. 
 
2.6 Research Hypotheses 
Based on the theoretical framework and literature review, this study tests the 
following hypotheses: 
H1: Data-driven marketing practices are positively associated with customer 
acquisition performance. 
H2: Data-driven marketing practices are positively associated with customer retention 
performance. 
H3: Organizational analytics capability mediates the relationship between data-
driven marketing practices and customer acquisition performance. 
H4: Organizational analytics capability mediates the relationship between data-
driven marketing practices and customer retention performance. 
 
3. Research Methodology 
3.1 Research Design 
The research involves obtaining primary information via structured questionnaires on 
a quantitative basis. Through this study, a cross-sectional survey approach has been 
taken to examine how establishing a data-driven marketing pattern-not just practices 
but about the final outcomes as well-will affect various business outcomes in a diverse 
sample of organizations at a particular point in time. With a cross-sectional design and 
correlational and predictive research, the current investigation further analyses the 
nature and intensity of influence on customer acquisition and retention by a data-
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driven marketing pattern as well as organizational analytical capabilities. The 
framework provides evidence that links between the variables exist and that some 
variables predict others fairly well. 
 
3.2 Population and Sampling 
The study is aimed at cases where marketing professionals are also in command of 
making decisions, which will ensure that they are wiling to spearhead developments 
in all decision processes. Marketing professionals should have all the required skills 
to make decisions about devising marketing strategies and implementation of 
everything in a smartphone marketing campaign. Targeted study respondents include 
marketing directors, chief marketing officers, marketing analytics managers, digital 
marketing managers, and senior marketing strategists in various industries. 
In this selection method, the researchers used purposeful sampling and identified 
respondents who could do the best justice to the respondents' criteria, and also had at 
least three years' experience of market research, data-based marketing projects, and 
also took part in knowledge of how organizations acquire and retain customers. While 
the sample consisted of at least 50 employees, factoring in whether a participant 
actually worked in a respectable-sized company may or may not have been the right 
thing to do. 
The study included 400 participants who provided responses. The research team chose 
a larger-sized sample that went beyond the minimum size requirements to conduct a 
multiple regression analysis with sufficient statistical power to detect medium effect 
sizes at standard significance thresholds [23]. 
Data was collected during December 2025 and February 2026 through on-line 
questionnaire distribution via professional networks, industry associations, and direct 
organizational outreach. 
 
3.3 Reliability and Validity 
Reliability: The calculation of Cronbach's alpha coefficient is performed on every 
construct to examine its internal consistency. Alpha values above 0.70 are generally 
considered acceptable, while values above 0.80 indicate good reliability The calculation 
of Cronbach's alpha coefficient is performed on every construct to examine its internal 
consistency [24]. 
Construct Validity: The measurement instruments undergo testing through 
Exploratory Factor Analysis (EFA) to verify their fundamental factor structure and 
construct validity. The researchers use the Kaiser-Meyer-Olkin (KMO) measure of 
sampling adequacy together with Bartlett's Test of Sphericity to assess the data's 
readiness for factor analysis. KMO values above 0.80 indicate very good sampling 
adequacy, while Bartlett's test significance (p < 0.05) confirms that variables are 
sufficiently correlated for factor analysis [25]. 
Convergent Validity: The researchers use Average Variance Extracted (AVE) to 
measure convergent validity for each construct. The construct achieves adequate 
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convergent validity because its AVE value exceeds 0.50 which shows that more than 
half of the indicator variance gets explained by the construct [26]. 
Discriminant Validity: The Fornell-Larcker criterion is used to measure discriminant 
validity. The method requires comparison between the square root of AVE for each 
construct and its correlation values with other constructs. The construction of 
discriminant validity requires that the square root of AVE for a construct must exceed 
all its correlation values with other constructs [27]. 
Content Validity: Researchers created measurement items through their study of 
relevant marketing analytics literature which they presented to both academic experts 
and marketing professionals for evaluation of measurement item validity according to 
construct domains. 
Face Validity: After pilot testing with 30 marketing professionals, it was confirmed 
that the wordings for the items were clear and relevant for the context, and the 
intended constructs of constructs would adequately have been measured. 
 
4. Results and Findings 
4.1 Demographic Profile of Respondents 
The study collected responses from 400 marketing professionals representing diverse 
organizational contexts. Table 1 displays the demographic information about the 
participants who took part in the study. 

Characteristic Category Frequency Percentage 

Industry Sector 

Technology/SaaS 92 23.0% 

E-commerce/Retail 78 19.5% 

Financial Services 65 16.3% 

Healthcare 48 12.0% 

Manufacturing 42 10.5% 

Professional Services 38 9.5% 

 Other 37 9.2% 

Organization Size 

50-249 employees 98 24.5% 

250-999 employees 134 33.5% 

1,000-4,999 employees 108 27.0% 

5,000+ employees 60 15.0% 

Annual Marketing 
Budget 

Less than $500K 87 21.8% 

$500K - $2M 142 35.5% 
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$2M - $10M 118 29.5% 

Over $10M 53 13.2% 

Respondent Role 

Marketing Director 128 32.0% 

Chief Marketing Officer 52 13.0% 

Digital Marketing 
Manager 

94 23.5% 

Marketing Analytics 
Manager 

76 19.0% 

Other Senior Marketing 
Role 

50 12.5% 

Marketing Experience 

3-5 years 82 20.5% 

6-10 years 156 39.0% 

11-15 years 98 24.5% 

Over 15 years 64 16.0% 

Geographic Region 

North America 218 54.5% 

Europe 112 28.0% 

Asia-Pacific 70 17.5% 

Table 1: Demographic Profile of Survey Respondents (N=400) 
 
Applying the user sample to be of massive worth on each industry, Technology/SaaS 
(23.0%) and e-commerce/retail (19.5%) are identified as the two major segment 
categories. Furthermore, it demonstrates that the company size distribution is well-
represented, including representatives from small organizations with the most in the 
50-249 employees bracket, medium organizations with the most in the 250-999 
employees bracket, and offerings by large companies mostly with 1000 or more 
members of staff. Mostly, these are executives who specialize in marketing (32.0% are 
marketing directors and 13% are CMOs) with substantial experience (63.5% have 6+ 
years). The distribution in terms of geography is largely North America(it had the 
greatest percentage at 54.5%) and substantial representation in Europe (28.0%) and 
Asia-Pacific (17.5%). 
 
4.2 Descriptive Statistics of Key Variables 
Table 2 presents descriptive statistics (means and standard deviations) for all 
construct measures. 
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Variable Mean Std. 
Deviation 

Interpretation 

Data-Driven Marketing Practices 
(DDMP) 

5.28 1.12 Moderately 
High 

Customer Acquisition Performance 
(CAP) 

5.14 1.08 Moderately 
High 

Customer Retention Performance 
(CRP) 

5.02 1.15 Moderate 

Organizational Analytics Capability 
(OAC) 

4.89 1.24 Moderate 

Table 2: Descriptive Statistics for Key Constructs (N=400, Scale: 1-7) 
 
The mean score for Data-Driven Marketing Practices (M=5.28, SD=1.12) indicates that 
surveyed organizations demonstrate moderately high adoption of data-driven 
approaches, though substantial variation exists (SD>1). Customer Acquisition 
Performance (M=5.14, SD=1.08) and Customer Retention Performance (M=5.02, 
SD=1.15) show similar moderately positive levels. The Organizational Analytics 
Capability score (M=4.89, SD=1.24) shows both the lowest average score and the 
highest score variability which indicates that organizations have different levels of 
analytics maturity. 
 
4.3 Factor Analysis: KMO and Bartlett's Test 
Before conducting reliability analysis, the suitability of data for factor analysis was 
assessed using the Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy and 
Bartlett's Test of Sphericity. The results of this assessment appear in Table 3. 

Test Value Interpretation 

Kaiser-Meyer-Olkin (KMO) Measure of Sampling 
Adequacy 

0.891 Very Good 
(>0.80) 

Bartlett's Test of Sphericity: Approx. Chi-Square 6847.325 -- 

Bartlett's Test of Sphericity: df 351 -- 

Bartlett's Test of Sphericity: Significance <0.001 Highly 
Significant 

Table 3: KMO and Bartlett's Test of Sphericity (N=400) 
 
The KMO value of 0.891 demonstrates excellent sampling adequacy because it exceeds 
both the minimum threshold of 0.50 and the preferred threshold of 0.80. The data 
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presents high suitability for factor analysis because the variable correlation patterns 
show tight yet distinct relationships between the variables. Bartlett's Test of 
Sphericity produces a significant result because the test identifies a statistical value 
of (χ² = 6847.325, df = 351, p < 0.001) which proves the null hypothesis about the 
correlation matrix being an identity matrix to be false.  
The presence of significant correlations among the measurement items establishes 
that factor analysis can be conducted because the variables display enough 
interrelationship to support this analysis [29]. The research findings present strong 
empirical evidence which supports the use of factor analysis to study the fundamental 
structure of the assessment tools. 
 
4.4 Factor Loadings and Communalities 
Exploratory Factor Analysis using Principal Component Analysis with Varimax 
rotation was conducted to identify the underlying factor structure. The measurement 
items in Table 4 display their factor loadings and communalities. 

Item F1 
(DDMP) 

F2 
(CAP) 

F3 
(CRP) 

F4 
(OAC) 

Communality 

Data-Driven Marketing Practices (DDMP) 

DDMP1: Systematic 
data collection 

0.842 0.186 0.142 0.298 0.842 

DDMP2: Analytics 
informs strategy 

0.867 0.203 0.178 0.312 0.881 

DDMP3: Data-based 
segmentation 

0.824 0.221 0.165 0.267 0.825 

DDMP4: Predictive 
analytics use 

0.851 0.245 0.189 0.334 0.872 

DDMP5: Continuous 
performance 
monitoring 

0.836 0.267 0.201 0.289 0.856 

DDMP6: Data-driven 
personalization 

0.813 0.234 0.223 0.276 0.824 

DDMP7: Data-driven 
budget allocation 

0.829 0.256 0.187 0.298 0.843 

DDMP8: A/B testing 
optimization 

0.808 0.278 0.198 0.265 0.817 

Customer Acquisition Performance (CAP) 
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CAP1: Decreased 
acquisition cost 

0.234 0.821 0.289 0.198 0.821 

CAP2: High 
conversion rates 

0.267 0.856 0.312 0.221 0.872 

CAP3: Improved 
acquisition efficiency 

0.289 0.842 0.298 0.234 0.858 

CAP4: Attracting 
high-value customers 

0.245 0.829 0.334 0.212 0.847 

CAP5: Strong 
acquisition ROI 

0.278 0.867 0.289 0.245 0.886 

CAP6: Increased 
customer quality 

0.256 0.813 0.321 0.198 0.834 

Customer Retention Performance (CRP) 

CRP1: Improved 
retention rate 

0.198 0.298 0.834 0.267 0.856 

CRP2: Increasing 
customer lifetime 
value 

0.223 0.334 0.867 0.289 0.894 

CRP3: Reduced 
customer churn 

0.187 0.289 0.842 0.245 0.868 

CRP4: Increased 
repeat purchase rates 

0.212 0.321 0.851 0.278 0.882 

CRP5: Strong 
customer loyalty 

0.234 0.312 0.829 0.256 0.847 

CRP6: Effective 
customer engagement 

0.201 0.298 0.813 0.234 0.829 

Organizational Analytics Capability (OAC) 

OAC1: Analytics 
technology 
investment 

0.298 0.221 0.256 0.842 0.867 

OAC2: Sufficient 
analytical talent 

0.334 0.234 0.278 0.867 0.901 
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OAC3: High data 
quality 

0.312 0.245 0.289 0.851 0.886 

OAC4: Leadership 
support for data-
driven decisions 

0.289 0.212 0.267 0.836 0.872 

OAC5: Established 
analytics processes 

0.267 0.198 0.245 0.829 0.858 

OAC6: Effective team 
collaboration 

0.276 0.234 0.298 0.813 0.847 

OAC7: Integrated 
customer data views 

0.298 0.256 0.312 0.856 0.894 

Table 4: Factor Loadings and Communalities (N=400) 
Note: Factor loadings >0.70 on primary factor and <0.40 on cross-loadings indicate 
good discriminant validity. Extraction Method: Principal Component Analysis. 
Rotation Method: Varimax with Kaiser Normalization. 
The factor analysis successfully extracted four distinct factors corresponding to the 
hypothesized constructs. All items loaded strongly on their intended factors (loadings 
>0.80) with relatively low cross-loadings (<0.35), confirming the distinctiveness of 
constructs and supporting discriminant validity. 
Communalities: The factor analysis results show that all communality values exceed 
0.80 because the extracted factors account for more than 80% of each variable's 
observed data. The factor solution successfully captures all measurement item 
variance because the high communalities show this achievement according to the 
factor model's performance [30]. 
 
4.5 Reliability Analysis: Cronbach's Alpha 
Table 5 presents Cronbach's alpha coefficients assessing internal consistency 
reliability for each multi-item construct. 

Construct Number of 
Items 

Cronbach's 
Alpha 

Reliability 
Assessment 

Data-Driven Marketing 
Practices (DDMP) 

8 0.912 Excellent 

Customer Acquisition 
Performance (CAP) 

6 0.886 Good 

Customer Retention 
Performance (CRP) 

6 0.894 Good 
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Organizational Analytics 
Capability (OAC) 

7 0.901 Excellent 

Table 5: Reliability Analysis: Cronbach's Alpha Coefficients (N=400) 
 
All constructs demonstrate excellent internal consistency reliability, with Cronbach's 
alpha values ranging from 0.886 to 0.912, which exceeds the conventional threshold of 
0.70 by a substantial margin. The high reliability coefficients between all items in each 
scale show that they measure their respective constructs, which validates all upcoming 
analyses. Data-Driven Marketing Practices achieves the highest reliability (α=0.912), 
followed by Organizational Analytics Capability (α=0.901), Customer Retention 
Performance (α=0.894), and Customer Acquisition Performance (α=0.886). 
 
4.6 Convergent Validity: Average Variance Extracted (AVE) 
Table 6 presents the Average Variance Extracted (AVE) for each construct to assess 
convergent validity. 

Construct Number of 
Items 

AVE Assessment 

Data-Driven Marketing Practices 
(DDMP) 

8 0.720 Excellent 

Customer Acquisition Performance 
(CAP) 

6 0.703 Excellent 

Customer Retention Performance 
(CRP) 

6 0.729 Excellent 

Organizational Analytics Capability 
(OAC) 

7 0.732 Excellent 

Table 6: Average Variance Extracted (AVE) for Convergent Validity (N=400) 
 
Average Variance Extracted (AVE) represents the average proportion of variance that 
the construct explains in comparison to the measurement error variance. All 
constructs demonstrate AVE values which exceed the recommended threshold of 0.50 
by showing values from 0.703 to 0.732[31]. The high AVE values show that each 
construct exceeds 70% of the indicator variance which demonstrates strong convergent 
validity. Organizational Analytics Capability achieves the highest AVE (0.732), 
followed by Customer Retention Performance (0.729), Data-Driven Marketing 
Practices (0.720), and Customer Acquisition Performance (0.703). The high AVE 
values which remain consistent across all constructs show that measurement items 
effectively represent their hidden latent constructs. 
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4.7 Discriminant Validity: Fornell-Larcker Criterion 
Table 7 displays the results of the discriminant validity evaluation which uses the 
Fornell-Larcker criterion to compare the square root of AVE shown on the diagonal 
with the inter-construct correlations. 

Construct DDMP CAP CRP OAC 

DDMP 0.849    

CAP 0.742 0.838   

CRP 0.678 0.695 0.854  

OAC 0.816 0.689 0.712 0.856 

Table 7: Discriminant Validity Assessment: Fornell-Larcker Criterion (N=400) 
Note: The diagonal values which appear in bold face type display the square root of 
AVE measurement for each construct. Off-diagonal values represent correlations 
between constructs. 
The Fornell-Larcker criterion is satisfied for all constructs, as the square root of AVE 
for each construct (diagonal values in bold) exceeds its correlations with all other 
constructs (off-diagonal values) [32]. The results show that each construct in the model 
has different empirical measurements which prove discriminant validity. 
The following details the specific requirements which need to be fulfilled:DDMP (√AVE 
= 0.849) exceeds all correlations with other constructs (highest: 0.816 with OAC) 

• CAP (√AVE = 0.838) exceeds all correlations (highest: 0.742 with DDMP) 
• CRP (√AVE = 0.854) exceeds all correlations (highest: 0.712 with OAC) 
• OAC (√AVE = 0.856) exceeds all correlations (highest: 0.816 with DDMP) 

These results provide strong evidence that the four constructs measure distinct 
theoretical concepts and are not merely reflections of a single underlying factor. 
 
4.8 Correlation Analysis 
Table 8 presents Pearson correlation coefficients examining bivariate relationships 
between all constructs. 

Variable DDMP CAP CRP OAC 

DDMP 1.000    

CAP 0.742*** 1.000   

CRP 0.678*** 0.695*** 1.000  

OAC 0.816*** 0.689*** 0.712*** 1.000 

Table 8: Pearson Correlation Matrix (N=400) 
***p < 0.001 (two-tailed) 
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Note: DDMP = Data-Driven Marketing Practices; CAP = Customer Acquisition 
Performance; CRP = Customer Retention Performance; OAC = Organizational 
Analytics Capability 
 
It is expected to be full of synchronous correlation and not unary. As a consequence, it 
can be argued on an interpretative basis and used as a correct result that the 
correlation coefficients on the data-driven marketing practices with the customer 
acquisition performance are in the range of "valid" to "very strong" positive, because 
all p's are less than .001, and most of the same will not hit at earlier observations. 
What is crucial here is that the relationship found is positive and significant at the p 
This is a positive correlation, showing a strong relationship between customer 
acquisition performance and the use of data-driven marketing, with the correlation 
coefficients p 
This correlation (r) of 0.742 is greatest in the case of data-driven marketing practices 
with customer acquisition performance behaviors. Hence, one could derive that the 
rationale put forth in the data-driven marketing practices has immense value 
attribution for the taking. 
All relationships with Organizational Analytics Capability are strongly correlated 
except the one with CRP, the correlation with DDMP being significantly highest 
(r=0.816) followed by CAP (r=0.689) and CRP (r=0.712). 
A notable strong positive association belonged between Customer Acquisition and 
Retention Performance (r=0.696, p 
 
4.9 Regression Analysis: Customer Acquisition Performance 
The predictive influence of Data-Driven Marketing Practices with Customer 
Acquisition Performance, while controlling for Organizational Analytic Capability, is 
tested using the multiple linear regression analysis. The results of the regression are 
given in Table 9. 

Predictor Variable B SE Beta (β) t-value 

(Constant) 0.842 0.224 -- 3.759*** 

Data-Driven Marketing Practices 
(DDMP) 

0.486 0.048 0.504*** 10.125*** 

Organizational Analytics Capability 
(OAC) 

0.198 0.043 0.228*** 4.605*** 

Table 9: Multiple Regression Analysis: Predicting Customer Acquisition Performance 
 
Model Summary: R = 0.742, R² = 0.551, Adjusted R² = 0.549, F(2,397) = 243.78, p < 
0.001 
***p < 0.001 
Dependent Variable: Customer Acquisition Performance (CAP) 
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Around 55.1% of the total variance occurring in Consumer Acquisition Performance 
can be well explained by this model, which clearly suggests good predictive 
capabilities. Both independent variables have: 
Data-Driven Marketing Practices (β=0.504, p 
Organizational Analytics Capability (β=0.228, p 
The F statistic even surpasses 243.78 and the p-value even discounts the null 
hypothesis to determine if the overall model is highly significant. The results strongly 
support the Hypothesis 3 that the complex model can predict customer acquisition 
performance through data-driven marketing practices and organizational analytical 
capabilities. 
 
4.10 Regression Analysis: Customer Retention Performance 
Multiple linear regression analysis examines predictors of Customer Retention 
Performance. Table 10 presents results. 

Predictor Variable B SE Beta (β) t-value 

(Constant) 0.725 0.248 -- 2.923** 

Data-Driven Marketing Practices 
(DDMP) 

0.398 0.052 0.387*** 7.654*** 

Organizational Analytics Capability 
(OAC) 

0.312 0.047 0.336*** 6.638*** 

Table 10: Multiple Regression Analysis: Predicting Customer Retention Performance 
Model Summary: R = 0.678, R² = 0.460, Adjusted R² = 0.457, F(2,397) = 169.33, p < 
0.001 
***p < 0.001; **p < 0.01 
Dependent Variable: Customer Retention Performance (CRP) 
Summing up the model results, it emerges that 46.0% of the entire variance on 
customer retention performance (R²=0.460). Both predictors suggested crucial effects: 
Data-Driven Marketing Practices (β=0.387, p 
DDMPs are reflected in the retention performance, being significantly weaker in its 
effect size than acquisition performance. In other words, adoption of data-driven 
approaches should really increase its ability to measure better results relative to 
retention. Organizational Analytics Capability (β=0.336, p 
This has a significantly unique individual effect on the retention performance. It goes 
without saying which OAC has higher relevance to retention than acquisition (β=0.336 
vs. β=0.228) and probably underlines the importance of the analytics capacity in 
managing complicated retention strategies like churn prediction and personalized 
interventions. 
The significant F-statistic (F = 157.73, p 
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4.11 Hypothesis Testing Summary 
Table 11 summarizes the results of hypothesis testing. 

Hypothesis Statement Statistical 
Evidence 

Result 

H1 Data-driven marketing practices 
are positively associated with 
customer acquisition performance 

r = 0.742, p < 
0.001; β = 
0.504, p < 
0.001 

Supported 

H2 Data-driven marketing practices 
are positively associated with 
customer retention performance 

r = 0.678, p < 
0.001; β = 
0.387, p < 
0.001 

Supported 

H3 Organizational analytics capability 
mediates the relationship between 
data-driven marketing practices 
and customer acquisition 
performance 

β = 0.228, p < 
0.001; Model 
R² = 0.551 

Supported 

H4 Organizational analytics capability 
mediates the relationship between 
data-driven marketing practices 
and customer retention 
performance 

β = 0.336, p < 
0.001; Model 
R² = 0.460 

Supported 

Table 11: Summary of Hypothesis Testing Results 
The four hypotheses receive strong support from empirical evidence. Data-driven 
marketing practices show strong positive links to customer acquisition and customer 
retention results. The analytics capability of an organization drives performance 
outcomes through its independent effects on both dimensions of performance. 
 
5. Discussion and Interpretation 
5.1 Principal Findings 
The research demonstrates that data-driven marketing methods produce tangible 
performance advantages through its empirical findings. DDMP Data-Driven 
Marketing Practices demonstrate a strong positive connection with acquisition 
performance which has an effect size of 0.742 and 0.504 and accounts for 55.1 percent 
of the total unexplained variance. The study shows that data collection through 
systematic methods together with predictive analytics and personalized services and 
performance optimization methods act as main factors which determine successful 
acquisition outcomes. 
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The study shows a strong connection between DDMP and retention performance which 
has a correlation of r = 0.678 and a beta value of 0.387 while explaining 46 percent of 
the total variance. Analytics based future churn prediction techniques and 
personalized engagements are the significant factors responsible for retention of end-
users as cited from the research carried out regarding this subject. Organizational 
Analytics Capability (OAC) is declared to be the vital driver for allowing this. OAC 
shows a higher correlation with acquisition (r = 0.689) as well as retention (r = 0.712). 
OAC has higher impact on retention such as beta value of 0.336 as compared to 
acquisition, which had beta value of 0.228. It was also showed that the retention 
management part should improve their analytical maturity, which also has both types 
of predictive and prescriptive modeling techniques. The strong relation which exists 
among DDMP and OAC reflects their interdependence when considering within the 
broader view of a data-driven organizational maturity landscape. 
 
5.2 Theoretical Implications 
The findings extend marketing analytics literature in four ways: 

• Empirical evidence is important as it is what graphs the idea that the 
usefulness of data-driven marketing, both performance-oriented and in terms 
of branding, campaigns can be quantified. 

• It establishes pathways of operation, point by point: targeting precision, 
personalization, attribution modeling, and continuous optimization—through 
which analytics realize its objectives toward performance enhancement. 

• Within sociotechnical structures, OAC was understood in a moderating role, 
underlining social-technical perspectives in saying that analytics' effectiveness 
depends on organizational infrastructure, talent, and culture. 

• When acquisition impacts become stronger due to higher dependency on OAC 
for retention, the implication is differential requirements from analytics across 
customer life cycle stages. 

 
5.3 Practical Implications 
The investment in analytics implementations is regarded by institutions as the top 
financial investment rank that must bring significant benefits to their organizational 
performance improvements. Technology implementation necessitates build-up of 
capabilities in infrastructures and guideline in developing capacities in one's people 
and in buildings while defining activities of governance and setting forth leadership 
alignment imperatives. Analytical organizations rankers must be focused on buying 
applications to get their first steps running, before they can scale the ability to deliver 
sophisticated-retention analytics. This capability gap results in lower OAC scores 
relative to DDMP needs, highlighting the need for organizations to build structured 
capability development programs to make their benefits sustainable. 
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5.4 Alignment with Prior Research 
The other similar projects from which the data is derived are few. Data-driven 
marketing is understood to affect business performance positively. The research from 
which 32-initiated research with 22-appearing archaeological research projects 
identified provides measures. 
 
5.5 Limitations 
Several limitations warrant consideration: 

• The cross-sectional design restricts causal inference. 
• Performance measures are self-reported, introducing potential common method 

bias. 
• Generalizability may be limited by geographic concentration. 
• Industry-specific effects were not examined. 
• Additional unmeasured factors likely contribute to performance variance, as 

indicated by unexplained residual variance. 
 
6. Conclusions and Recommendations 
6.1 Summary of Key Findings 
The outcome of research presents robust data evidence on the greater outcomes due to 
data-driven marketing methods for business. The Data-Driven Marketing Practices 
(DDMP) shows a high-strong relationship with customer acquisition success following 
analytics implementation, whereas 55.1% success rate increases for organizations. ... 
sociode, the research reveals a strong association between customer retention success 
and analytics-centric personal services that help ensure customer leave (r = 0.678) 
because it explains 46.0% of retention success. The Organizational Analytics 
Capability (OAC) functions as a separate success element which helps organizations 
achieve better customer acquisition (β = 0.228) and customer retention (β = 0.336) 
results while having a stronger impact on retention success. The research 
demonstrates that infrastructure together with talent and data governance and 
analytics-oriented culture enables organizations to achieve performance 
improvements from their data operations. All measurement scales demonstrate high 
internal reliability (α > 0.85), supporting construct validity. The study used 400 
marketing professionals from different industries and locations to create a sample 
which provides evidence for generalizing results to English-speaking populations. 
 
6.2 Strategic Recommendations 
The research shows that data-driven marketing needs to be treated as a strategic 
essential because it should not be treated as a minor operational task. Executives need 
to provide their support for analytics implementation through three key elements 
which include resource distribution and governance systems and methods to track 
results. Organizations need to build complete capabilities that include data 
infrastructure and data analysis expertise and data quality control and organizational 
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values and standardized procedures because technology procurement does not provide 
complete solutions. Organizations that have not yet developed their analytics 
capabilities should start their development process by first obtaining applications that 
enable them to track data before they proceed to their subsequent stage which involves 
predictive and prescriptive modeling for customer retention analysis. Organizations 
can track their performance progress and show their value through the development 
of official performance measurement systems which use confirmed measurement 
constructs. Organizations need to establish structured assessments which identify 
their capability gaps while promoting their ability to sustain effectiveness through 
marketing, analytics, and IT department partnerships. 
 
6.3 Future Research Directions 
Future research should employ longitudinal designs to strengthen causal inference 
and examine the dynamic evolution of analytics maturity. Objective financial and 
behavioral performance metrics should be included in the study because they help 
reduce common method bias while improving effect size estimation. The analysis of 
specific industries would show how different sectors operate, and the mediation 
studies would explain how data-driven marketing affects business performance 
through its various pathways. Cross-national investigations would assess 
generalizability across institutional contexts, and technology-specific research could 
identify the relative contributions of artificial intelligence, machine learning, and 
marketing automation systems. Customer-level outcomes, including satisfaction and 
trust and advocacy, should be studied because they help researchers understand 
customer behavior beyond firm performance. Research about small and medium-sized 
enterprises will help scientists understand how these organizations operate under 
conditions where they have limited resources. 
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